Land use and land cover changes are often referred for the anthropogenic modification of Earth's surface. The extents of land use and land cover (LULC) changes in Adama Wereda at three different periods (2002, 2010, and 2017) were generated using data from various Landsat sensors namely ETMþ, TM and OLI TIRS. This work focused on a change detection analysis using post classification comparison (PCC) and change detection matrix (CDM). These images were geometrically corrected and image processing operations for instance: radiometric correction, using spectral radiance model was carried out, followed by land cover categorisation into water bodies, built up, bare land, sparse vegetation and dense vegetation employing Knowledge, pixel and indices based classification in ERDAS imagine software. The generated data of both change detection techniques from 2002 to 2017 revealed interesting aspect that build up, dense vegetation and sparse vegetation increased in area of approximately 160%, 30% and 78% respectively at the expense of barren land which decreased at 8.5%, but there is not much change in the water bodies. It was also noticed that both the algorithms gives similar values but with negligible deviation.
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Data
The data in this article depicts the status of LULC changes in Adama Wereda over three different periods 2002, 2010 and 2017. The administrative centre of Adama Wereda is Adama City. Fig. 1 Tables 5 and 6 demonstrates the change area in hectare generated by change detection matrix.
Experimental design, materials, and methods
Land use and land cover changes have major impact on wide range of environmental and landscape attributes [1] . ETM þ (2002), TM (2010) and OLI e TIRS (2017) Landsat images of 30 m spatial resolution with path and row of 168/54 and GPS ground coordinates were the vital data employed in this article [2e6] . At first, all the data were radiometrically corrected to remove noise due to sensor and atmosphere using spectral radiance model. The spectral reflectance values from the spectral library were utilized to identify the features from images. The generated corrected images were enhanced and the surface features for instance built up, water bodies, dense vegetation, sparse vegetation and barren Specification 
Value of the data
The data speculates the scenario on the land use and land cover changes across Adama Wereda for almost one sixth decade.
The data provides information on the status of urban expansion towards the sub urban and ex urban areas around Adama Wereda.
The data place a vital role in administering the spatiotemporal expansion and its impacts on the other surface features and environment.
The generated data gives a detailed insight on which feature is expanding on the expense of an another feature over the given period. The data are important for agriculture, settlements, urban planning, researchers, scholars and academics.
land as defined by US geological survey [7, 8] employing pixel, knowledge and indices based maximum likelihood classification. Indigenous features namely water bodies and vegetation were extracted using mathematical indices, features in mixed pixels were categorized by knowledge based classification and various features such as road network, settlements, industries, utilities under the category of built up were isolated by pixel based classification. The classified images were evaluated through confusion matrix, if the accuracy of the classified image accounted less than 80% then the images must be reclassified [9] . Finally, only the images with accuracy greater than 80% were used to generate land use and land cover changes by employing PCC and CDM techniques. The land cover changes for 2017 were validated by ground truth using GPS coordinates of sample spatial features with minimum 20 spatially distributed ground control points. For the images of 2002 and 2010 the area change was correlated by Positive sign means increase while negative sign means decrease in area. using spatial link with google earth. The generated data from PCC and CDM depicted that built up has drastically increased from 2.03% to 5.24% and Bare land decreased from 80.37% to 69.80%. Moreover there was fluctuation in the area of dense and sparse vegetation approximately by 1.3% and 6% respectively. As Adama being a high elevated land the type of green cover on the ground has an effect on triggering or preventing natural hazards. If there are bushes or tree species can prevent and stabilize the highlands [10] . There is no significant change observed in water bodies. 
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